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1. Introduction

In the practical design and study of load-bearing structures, there exist situations
when information is uncertain and part of the source data is specified randomly,
roughly or fuzzy. Therefore, along with deterministic statements, it is of interest to
consider more general problems in the design theory, including the optimal one,
which would take into account information that has a certain degree of uncertainty
about the source data, environment behavior, goals, constraints, etc.

For their formulation and solution, a corresponding mathematical apparatus is
required, which would a priori include the possibility of the appearance of
uncertainty [2, 3]. The theory of probability and statistical methods are widely used
[1, 6, 7] to tack into account random factors in structural mechanics. Here, a priori,
statistical descriptions of random variables are assumed to be known and reliable.
They are the probability distribution function, probability density function and
their characteristics. Their estimates are usually obtained as a result of processing
of a large statistical sample. In the case when there is a small statistical sample,
when the description of parameters, goals, restrictions are set subjectively or
verbally, it is possible to design by using the apparatus of the fuzzy sets theory
(FST) L. Zadeh [10, 13, 16]. It forms the basis of the theory of possibilities [8],
“soft” computations [15], and fuzzy modeling [11]. In this paper, the example of
the analysis problems of a bent beam and the optimal design of a minimum volume
truss shows the methodology for applying FST. Numerical experiments were
performed for various degrees of the initial information fuzziness. An analysis of
the “tolerance” of the final results to the “blurred” data is carried out by
comparison with the design of the structure with clear initial information. To
implement the deterministic model of truss optimization, an iterative
computational procedure was developed based on the functional equation of the
Bellman method [5]. Fuzzy modeling previously was considered by the authors to
estimate the maximum value of the axial compression force of a cylindrical shell
with fuzzy data [4].

The approach of FST to the problems of analysis and optimization makes it
possible to use it at the stage of conceptual design of technical systems.

2. Statement of the problem

Deterministic approach

The problems of analysis and optimal design in structural mechanics are
considered as



f: XY, 1)
where f is some reflection of the elements of the set X to the set Y .This
reflection can be: real-valued functions, equations, algorithms, programs of
computational complexes. Set X is formed from deterministic as well as uncertain
elements of a random, fuzzy and rough nature. Elements of set Y accordingly will
be the same nature. Let's consider the problem of optimal design of the elastic
hinge-rod system (HRS) - beam truss of minimum volume with length L in
condition of strength and normal vibration restrictions. System has m hinged joints

and n rods. Their lengths and cross sections are I, A; i=1n. The structural
system is loaded with P;; j=1m in the according joints (Fig. 1).

Fig. 1. Design scheme of HRS

It is necessary to find a distribution of material 1A ; i=1,n in the elements of the

truss in such conditions as:
- strength and stability restriction

N . . [R,N,>0
o, =—<R; R = ; (2)
A »R,, N. <0
- normal vibration frequency do not exceed a predetermined value o,
o(A) 2 @, (3)

and at the same time the minimum value of the volume of the material of the whole
structure was ensured

V:Zn:IiAi—>min. 4)

In restriction (2) indicated the N, what is a longitudinal force in i element, R, -

characteristic tensile strength of the material, ¢ - buckling coefficient.
The mathematical model of the formulated deterministic optimization problem is

(\/Opt,AoPt):arg{&nemgli'&“w('&‘)Swo}’ (5)

where A% = (Ai"pt, A Afpt) is an optimal solution vector.

The problem is to find the desired reflection f, that is, to develop a computational
procedure for finding the result Y =(V*®) on the base of deterministic data
X=(,1=12,.,mP;j=12,..,mE R} a) in order to introduce it into fuzzy
modeling technology.



Feasible region {A}; i=1n, is determined by the conditions of strength and
stability (2) as:

o, ={A|A=A A =N[/IR. (6)
The value of the normal vibration frequency of the truss will be determined
approximately in accordance to the work [9]. In this case, the consideration of the

rod system (Fig. 1) is replaced by the supported beam with length L and with
some uniformly distributed load g. The maximum deflection of the beam in this

case is as:
maXx 5 q|4
= o or (7)
384 EI
where E is Young's modulus; I - moment of inertia of the beam cross section;

Maximum displacement A™ of the hinged joint 2 in the middle of the truss can be
calculated with Mohr formula

Amax — Ni Nili
a EA
where N. are the longitudinal forces in the elements of the truss from the action of
a unit load applied to the joint t. Out of equality

: (8)

ymax — Amax (9)
if we take in to account (7) - (8), the moment of inertia can be described as
4
:i ql (10)
384 EA™

The fundamental normal vibration frequency of free transverse oscillations of a
hinge-supported beam is determined as follows
2
w="" E (11)
I m
where m is a mass of the beam.
If we substitute equation (10) of the moment of inertia | to the equation (11) then

wzl\/g; A=nt = (12)
A 384

where g is the acceleration of gravity. In the case when the fundamental normal
vibration frequency is given by o, then from formula (12) we obtain

Ay = (i] g, (13)

Wy
Problem (5) with account of definitions (6), (8), (9), (13) can be formulated in the
following form

(Vo A™) = arg{

z%A} )

i=1

n
min » |
min > kA

where D, =N, NI / E .



If we enter the following designations: x, =L, X,=E, X;=@,, X,=R,, X =9,

X;=P; j=6,m; x;=l;; j=m+Lm+n ; y,=V™ y =A™ i=2,n+1, then

values X;; j=1,m+n form set of elements X , and values Yy, formset Y. So the

reflection f from (1) is an implementation algorithm of deterministic model (14).

This algorithm will be an analytical-numerical procedure of step be step method
and dynamic programming [5].

3. Dynamic programming (DP)

Model (14) in mathematical programming belongs to the class of so-called
"resource distribution™ problems, to which the dynamic programming method is
adapted. In accordance with this method, we introduce into consideration the
Bellman function.

fi(d)=, min > 1A (15)

where f,(d;) - minimum volume value of HRS assuming the search process
{Af‘"}; j=1,1+1,...,n begins from element j=i and ends on element j=n. The
argument of this function is the value of the "resource” d, ,which is related to the
design variable A with such ratio as

d, :Zn:Dj/Aj; i=12,.,n;d;>0; d =[y]. (16)
j=i

where [y]=A4, is determined with the ratio (13) and has a name as prior value of

"resource".
From the definition (16) follows

di:3+ > Dj/Ajadi:%+d

j=i+l

D

d,, =d, ——L. 17
A (17)

i+17 Yi+l

Taking into account the definition (15), we construct the equation:
f.(d)=min| LA + min ZIA]
A A+1' +20 j:i+l

from which it follows
fi (d|) = mAIn[LAi + fi+1(di+1)]; I =N _1’n - 2’71’ dl = [y]’ fn+1(dn+1) = 0 (18)

Equation (18) is derived from the Bellman principle. It is the main functional
equation of the dynamic programming method. In the terminology of this method
the variable d. is a "state" variable, and A is a variable of "control" (design).

From the definitions (17) and (18) for i =n we have



d,=D,/A; A =D,/d,; f,(d,)=minl,A =1,D,/d, . (19)

Let's consider the case when i=n-1. Equation (18) for this case has the form

f.d )= rm\ [In—1A1—1 + fn(dn)]; d=d,-D,/A,. (20)
With account of the definition (19), we rewrite equation (20) in the form
1.D,
dn—l B Dn—l / A1—1 .

fn—l (dn—l) = rRIn In—lA]—l +

Performing further similar procedure for i=n-2,n-3,...,1 inductively with
accountof f .(d ,) f ,(d )., we getthe following equation

f,(d) =minH(A) (21)
where

DI (22)

H(A) =LA +T + 2 ;
d-5- ")

n-1
> D,/A fori=12,.,n-2
=i

0, fori=n-1
{A"} - an "optimal" solution on steps i=1,2,...,n—1.

n-1
T, :leAJ*, fori=12,.,n-2. S =
j=i

Application of the necessary condition for the existence of an extremum of a
function H(A) from (21) - (22) gives the following equation for variable A on
the step i

D 1 D.
| 2_%:0’ 23

where a” =d, - S;".
The solution of the equation (23) will be

D. | DD /I
0o_iF nn ';i:1,2,...,n—1;A?:%. (24)

For each index value i the opltimal solution is formed
A%if A"<A’<A"
[A®}=1A7if A <A  i=12,...,n. (25)
ACIf A 2 A’
Comment. There is a minimum in problem (21), because

2
‘ZAHZ = A[;+D,I,D,(&")* +D,l,D%a” |2 0.

(Sufficient condition for the existence of an extremum).




4. Fuzzy formulation of the optimal design problem

Let A be a subset, which is composed of fuzzy source data {x}; i=12,...k,

included in the set X, and which are specified by the modality quantifier
"approximate". For example, "the applied load is approximately equal to 10kN",
"the place of application of the load somewhere in the middle of the beam",
"normal vibration frequency is about 10 Hz", "element length is close to 24 m.",
etc. In this case Ac X cU < R, where U denotes a universal set included, for
example, in the set of real numbers R.

For definiteness, let the following initial data be fuzzy: loads applied to node 4 and

5 (Fig. 1) and frequency a,, so:
A:{gl =P,;& =R, :wo}-

So, in restriction ZBS A, of the problem (14) values D, and A, are functions of
i=1

fuzzy variables ¢&=(&,&,,8,). With account of this, the implementation of

optimization problem (14) is carried out within the framework of the FST. Wherein

Vo and A™ are also fuzzy sets.

5. Fuzzy modeling

Definition 1. Fuzzy modeling refers to the process of performing the following
steps:

- operation of fuzzification of initial fuzzy values;

- carrying out calculations related to the solution of the problem of analysis or
optimization with deterministic data of the level. Constructing a fuzzy result set;

- defuzzification of the obtained fuzzy results (expected value).

5.1. The first stage of modeling fuzzy statements about the data is performed using
the basic concept of the theory of fuzzy sets - the membership function (MF)
1, (X), which reflect each element x from subset A< X on the range of real

numbers [0,1], that is

ta(x): X —>[0,1]. (26)
It shows the level of belonging Vx e X to the subset A. Set X is the definitional
domain of the function x,(x).

5.2. Application of « - level approach.

An important tool for FST is a « - level approach to the construction of MF. It is
performed in the second stage of the simulation.

Definition 2. The a - level set of fuzzy set A, given on a universal set U, is
called a usual (determine) subset A, < X, consisting of elements whose value of

belonging to a fuzzy set A no less than «, that is
A, :{Xe X gU‘,uA(X)Za}.



Union of all subsets A, forms a fuzzy set A

A= L[J ]aAa. (27)
ael0,1
For continuous functions x,(x) bound of subset A,
x“(a)=inf A, u x"(a) =sup A, (28)

determined by solving the equation

,uA(X):a;ae[O,l]. (29)
The second stage of the modeling process is based on the application of the
principle of generalization and « - level approach.
Let's consider the case when the transformation f is a function of many fuzzy

variables.

If fuzzy independent values )Ei given as >Ei: L[J][xiL(a),xiR(a)], then value
ael0,1

y = f (X1, Xz,..., Xn) is fuzzy number vy, = L[J ][yiL(a),yiR(a)], where
ael0,1

yi (@) =inf(f (x,; (@), X;5(a)... % (@) ;

Yi (@) = Sup(f (x; (@), %, (@),.. % (1)) . (30)
X; (@) €| X (), X (@) |;
X; (@) =X (@) + (X () = % (@) )&;; € €[0,1] = random, (31)

izl,_N, N - given number of « -levels; j=12,...,M; M - number of statistical
tests.

According to this principle for each level « e[O,l] the solution of optimization
problems (30) is performed taking into account the requirement (31). Number of
levels N is selected from the condition of ensuring the required accuracy.

The definition of a fuzzy number is the same as a fuzzy set. However, there are
also additional requirements for the MF. They are normality, continuity and
convexity.

So, the result of « - level approach to calculation Y = f(x); i=1n iswritten in
the form of a fuzzy set, that is:

N 2N-1
quzzzﬂLjLzﬂ’ (32)
i1 Yi iona Y

where i - level number; N - number of all levels; Z - union sign;
Aa:%N _1); w=>0-DAc; p =tAa;t=2N-1-i.

5.3. Defuzzification stage. At this stage of the simulation, the problem of reflection

of obtained fuzzy set Y " into the single determine value Y% €Y is performed.
Such reflection is called defuzzification. In the work were used the following

models to obtain Y :



1. Center average defuzzification
Here Y calculated by the formula [15]

2N-1

Y= 3wy = g (33)
i=1

T 2N-1 !

Zﬂi

i=1
2. Expected value model (EVM)
The weights w,, i =1,2N -1 in the formula (33) determined by the following ratios

proposed in [11]:

1 i 1 i
Wy =2 (ki + Gy = o)y For i=1; W, == (0s =04+ 05 = gg), for 2<i<r-1,

1
Wr:E(gl_g7+lur)’ Wy =W,y =0, (34)
where: r=2N -1, g =MmaxX u;; g, =Max iy, g =max iy, g, =Mmax i,
I<j<r I<j<r Ki<i Kj«i
952@2(#]-; 96=rlﬂjas>r<u,-; g7:@i)r(ﬂj-

6. Numerical illustrations

6.1. An illustrative example of HRS optimal design.

6.1.1 Deterministic approach.

Let's consider the optimal design of the truss, the design scheme of which is shown
in Fig. 1. The deterministic input data for the truss are: h=3m, L=24m, | =6m,

E =209GPa, g =9.81m/sec’, R, =395MPa, ¢ =0.722
P=P,=P,=P, =P, =10"kN, @ =12hertz, M - enough big value.
The efforts N =(N,,N,,...,N;;) are necessary to obtain an estimation of the cross
sections A~ and coefficients D;; i =1,18. They are calculated by using the force
matrix method [12]

N =BP,
where B:{bij}; i=118; j=15
For truss which consists of 18 elements (Fig. 1) the matrix B is like below. In the
matrix there are notations like this: b=I1/L; c=ctga; s=1/sina;
o =arctgH /1.

The convergence of the implementation functional of the proposed procedure for
dynamic programming is shown in Fig. 2. The optimal value of the volume is

V% = 22588 cm?.



510"

4.5¢10"
g
V" paot

3.5x10"
3<10"

2.5¢10"
210
-7 -6 -3 -4 -3 -2 -1 0
lg e
Fig. 2. The convergence dependence of the computational procedure of the DP in
the deterministic problem of truss optimization according to the functional V **
from the required accuracy ¢
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Let's present also the dependence of the displacement A from the natural
frequency (Fig. 3)
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Fig. 3. The dependence of the displacement A from the natural frequency o

From this it follows that an increase in the frequency of natural oscillations leads to
a decrease in the displacement of the characteristic unit of the truss.

6.1.2 Fuzzy approach

Let some load acting on the farm be fuzzy, for example P, =P, =10-10°kN . The
natural frequency is also fuzzy and equal to o, =12 hertz.

For fuzzy numbers ﬁ(a,m,b); I=4,5 and a/)vo(a,m,b) the triangular membership
function is taken:

X—m

m-—a

b—x

,asx<m

u(x) = b_m,m<xsb (35)

1, Xx=m
0

The solution of equation (29) for function (35) gives
Xp (@) =Mpar + (- a)ay; Xa (@) =mpa +(1-a)by;

Xo(a)=ma+@l-a)a,; X (a)=m a+@L-a)b,,
where i=4,5; a€[01]; a,, by, a,, b, are, respectively, the boundaries of the

—~

intervals of fuzzy values P,, B, u @,; m, m,, m, are their modal values.

Let's enter into consideration the coefficient k of fuzziness in the initial data as a
part in percentage (%) of modal values m, , m,, m, . Then
ap =k(1-0.01m;); by =k(1+0.0Im,); i=4, 5;
a, =k(1-0.0Im ); b, =k(1+0.01m_); (36)

If set, for example, coefficient is equal k =20% and number of « - levels is equal
N =10, in accordance with the described DP procedure, we obtain the value of the
optimal volume V ™, written in the form of a fuzzy set with the membership
function shown in Fig. 4
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Fig.4. The membership function of a fuzzy value V™ 1072, cm?®

The result of defuzzification of a fuzzy number V ™ describe the table 1.

Center method v =22865cm® | 1.23%
Method [11] Vv =23068cm?® | 2.13%

Table 1

As can be seen from this table, the discrepancy from the solution V®' when using

the method of centers more by 1% than when using the approach [11].

Performing coefficient k impact analysis of fuzziness of values P,, P,, e, on the

volume of the designed truss, we get the result given in table. 2

Table 2
"Tolerance" n of the system from k coefficient

K% | v .cm® | n.%
20| 22865| 1.23

15 22744 0.7

10| 22657 | 0.31

5| 22605| 0.08

1| 22588 0

/Oy det
Here n = TIOO, (%) — pacxoxaenue nonydenusx V" or sHavenuit V.

The influence of data coefficient (k,%) and natural frequency @ on (n,%) is

given in the Fig. 5.
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Puc. 5. Blur result from the coefficient of fuzziness and natural frequency

Maximum blur n in condition of fuzzy description of the data, as expected, arises
when natural frequency is equal @ =9hertz or corresponding displacement is

equal y™ =16cm. These data are shown in the table 3.

Table 3

The dependence of the blurriness of the result from a fuzzy data setting
k,% | n,%
20 | 4.87

15| 3.25
10]1.81
510.64

6.2 Fuzzy-random uncertainty
The fuzzy modeling procedure is applicable to the optimal truss design problem
(Fig. 1), when the loads are P, and P, attached randomly, and their values are

fuzzy with a triangular membership function. Finding the minimum volume of the
structure, taking into account the constraints of strength and vibrations, we perform
on the basis of fuzzy-random modeling [11].

Denote by B, the event when node 4 is loaded with E given in a fuzzy way with
probability p;;

Denote by B, event when node 5 is loaded with 55 given in a fuzzy way with
probability p,. Let the fuzzy values ﬁ(aPA,mPA,bPA) and é(aps,mps,bps)described

by a triangular membership function. The model of the optimization problem
remains the same as in (14).
Consider the joint law of probability distribution of events B, and B,:

1. Event C, =B,B, means that in the nodes 4 and 5 are applied load, respectively,
equal P, and P, with probability q, = p,p,.



2. Event C, = B,B, means that node 4 has an applied load P,, and in node 5 there
iIs no load, so 5; =0. The corresponding probability of such an event is
d, = pd—p,)-

3. Event C, = B, B, means that load P, is applied to node 5, and in node 4 there is

no load, so f’; =0. The corresponding probability of such an event is
0; = pz(l_ pl);

4. Event C, =B,B, means that nodes 4 and 5 have no load, so P,=0, P,=0. It
will happen with probability q, =(1-p,)@—p,).

According to the procedure proposed above, we calculate V  for each combination
of loads.

We will perform the derandomization of the obtained results in accordance with

the definition of the expectation value, that is
4

Vo= Zqividf .

i=1
With the following numeric data as: P =P, =P, =10°kN , P, =10kN, P, =10*kN ,
g =981cm/ sec’, w=12hertz, p,=0.7, p,=0.8 and coefficient k =10% get the
results shown in table 4.
Comment. Values V.*'; i —1,4 are obtained in accordance with the requirement of

strength of elements R, =395-10°MTIla, ¢ =0.722 and the effects of the "worst"

deterministic load as: P, =10*«xH , P,=P, = (1+ %)1041<H.

Table 4
Event C, C, C, C,
Probability 0.56 0,14 0,24 0,06 Zqizl
d;
3 Volume 22588 18023 18772 16029
Vidf

The operation of derandomization gives the value of the volume V* =20640cm?.
From table 4 it can be seen that if the absence of a load on the upper chord of the

truss then V¥ <V on 22%, and if the loads present on the upper chord then
VT >V on 9.4%. It should be noted that the value of the desired volume is

within 16029 <V " < 22588, that is, between solutions at the lowest and highest
loads.



6.3. The problem of fuzzy analysis
Consider the problem of determining of the bending moment M. under the axial

force applied at point C on distance ¢ from point B for elastic beam with two
clamped ends (Fig. 6)
C

—"7 —
—aasE M

A Cy B

[

R owe—
——entf m—

Fig. 6. Design scheme of the beam

In accordance with [14], the bending moment at point C is determined by the
expression

2P[c(1-0)]

M = ; =f(c,P)

Information situation 1.

Let the value of the load P and the place of its application is described in a fuzzy
way: value P "close to 20 kN", and point C is located "near the middle of the
beam". For this case it is necessary to obtain the value M. of bending moment
under the point of force application. In the notation (1) we can write the problem as
f: X >Mq; xeX; x=(&,6,), §=P, & =c.

Without breaking the common approach, we assume that x, and x, are set by the
triangular type membership function (35) at the fuzzification stage. Numbers
(a,,m,.by ), (a,,m,,b,) are carriers of fuzzy numbers P and c, so a,, b, a, b,
set interval limits, where u(Xx)>0; m,, m_, are modal values.

The next stage begins with the function values f calculation of two fuzzy
variables x, and x, based on the principle of generalization and « -level approach.
The numerical experiment will perform when |=6m, m, =20kN, m =3m. As
result we obtained the fuzzy numbers of moment M. (Fig. 7) and and defuzzified
values of the moment M. for different degrees of fuzziness. The data is shown in

fig. 8 and in table. 5.
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Fig. 7. Fuzzy numbers of the moment M. for such degrees
of fuzziness as 10% and 20%

Information situation when "P is approximately equal 20kN"

and "c is equal to about 3 meters"

K. % | M N-m | n,%
0 15 0
5 14,992 | 0.06
8 14,981 | 0.13
10 14,972 | 0.19
12 14961 | 0.26
15 14,942 | 0.39
20 14904 | 0.64
25 14858 | 0.95
30 14.805 1.3

Table 5

Here in the table. 5 value n, % is a deviation (degree of tolerance) of the

defuzzified value M from deterministic value M %,

16 1.5

15.5 /1
MY 15 1. %o
14.5 / 0.5

14 0
0 5 10 15 20 25 30
k,%

Fig. 8. Dependence of the defuzzified value M* and its deviation versus M *

The result is:

- MF of the moment M. (fig. 7) for k =10% andk =20%;

from degree of blurring.

- dependence of defuzzified value M. from the degree of blurriness of the initial

fuzzy data (Fig. 8);



- the dependence of the deviation degree n of the result from the value of the

fuzziness of the initial data (tolerance);
- with increasing the value k the bending moment decreases.

Information situation 2

The informational situation is characterized, unlike the first one, in that the
description of the point of load application remains the same as above, and the
value of the load is described differently: “the value of the concentrated force is
slightly greater than 20 kN”. The fuzzification of such a description can be
accomplished by introducing the definition of a semi-fuzzy number whose
membership function is

ILx=m
— X
Ux)=<——,m<x<b
b—m
0.

The results are presented in Table. 6 and Fig. 9.

Table 6

The results of the analysis, when “P is slightly larger
than 20kN ", and" ¢ is about 3 meters "

K% | M* N.-m|n %
0.5 15.012 0.08
1 15.024 0.16
5 15.116 0.78
10 15.220 1.47
15 15.312 2.08
20 15.392 2.61
25 15.46 3.07
30 15.516 3.44

16 4
15.5 3
MY s 1217, %
T 145 4

14 0
0 5 10 15 20 25 30

k.,%
Fig. 9. The defuzzified value M and its deviation versus the M ® form the
degree of blurring

As can be seen, an increase in the degree of data blurring k leads to a slight
increase of the value of the bending moment M and coefficient 7.



Conclusions.

1. A computational approach is presented to solve problems of analysis and
optimization of structures in case when the initial data are described in a fuzzy
way.

2. The development of the approach is based on the application of the rules of the
theory of fuzzy sets L. Zadeh and fuzzy modeling, which is illustrated in the
problem of structural mechanics and optimal design.

3. Information on the impact of the degree of fuzziness of the initial data on the
design result is given. Comparison of the result with the solution with certain data
IS obtained.

4. A computational algorithm of step be step approach, based on the use of the
dynamic programming method, is proposed for the truss optimization problem. Its
convergence is shown.

Acknowledgements.

Authors are grateful to the anonymous reviewers for the valuable comments and
suggestions, which helped to improve the paper. This research has been conducted
with support from the project EffectFact Number 101008140 funded within the
H2020 Program MSC Action: RISE-2022.

Bibliography

1. Augusti G., Baratta A., Casiati F. Probabilistic methods in structural
engineering. - London- New York, Chapmen and Hall. 1984, 584p

2. Banichuk N. V. Introduction of Optimization of Structures Springer-Verlag New
York —1990. 299 p.

3. Banichuk N.V., Neittaanmaki P.J. Structural Optimization with Uncertainties
Springer Dortrecht-Heidelberg- London-New York .-2010

4. Baranenko V.A., Volchok D.L. Estimation of the maximum axial force of
compressed shell with fuzzy data as a problem of uncertain programming //
Strength of Materials and Theory of Structures, 97, Kiev, 2016, p. 90 - 103

5. Bellman R., Drefus S. Applied Dynamic Programming. Princeton Univ. Press.
Princeton, New Jerse, 1962. — 363 p.

6. Bolotin V.V. Methods of the theory of probability and the theory of reliability in
the calculations of structures. Moscow.: Stroyizdat., -1982. - 315 p.(in Russian).
7. Bolotin V.V. Statistical Methods in Structural Mechanics, Holden-Day, San
Francisco, 1969. - 240 p.

8. Dubois D., and Prade H. Possibility Theory. An Approach in Computerized
Processing, Plenum, New York — 1988.

9. Kiselyov V.A. Structural mechanics. Dynamics and stability of structures.
Moscow.: Stroyizdat., -1980. - 616 p.(in Russian).

10. Kaufmann A. Introduction a la théorie des sous-ensembles flous : a l'usage des
ingénieurs: (Fuzzy sets theory) Paris : Masson et C-ie, - 1977. - 235 pp

11. Liu Baoding Theorie and Practice of Uncertain Programming / Physic-
Verlag/ Springer. — 2002.


https://www.abebooks.co.uk/servlet/BookDetailsPL?bi=22504318770&searchurl=tn%3Dintroduction%2Bth%25E9orie%2Bsous%2Bensembles%2Bflous%2Bel%25E9ments%26sortby%3D17%26an%3Dkaufmann&cm_sp=snippet-_-srp1-_-title6
https://www.abebooks.co.uk/servlet/BookDetailsPL?bi=22504318770&searchurl=tn%3Dintroduction%2Bth%25E9orie%2Bsous%2Bensembles%2Bflous%2Bel%25E9ments%26sortby%3D17%26an%3Dkaufmann&cm_sp=snippet-_-srp1-_-title6

12. Majid K. I. Optimum design of structures. London : Newnes-Butterworths,
1974 - 264 p.

13. Pawlak Z. Rough sets and fuzzy sets, Fuzzy sets and Systems, Vol. 17, -1985.
p. 99-102.

14. Timoshenko S. Strength of materials, P.1, D.Van nostrand company, inc. -
1940. - 510 p.

15. Rutkowska D., Pilinski M., Rutkowski L., Sieci neuronowe, algorytmy
genetuczne i systemy rozmyte. — PWN, Warsaw — Logz . -1999. — 452 pp.

16. Zadeh L. Fuzzy sets . Information and Control, 8.- 1965 P. 338 - 353.



